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Conclusions

The C-statistic provided no information on the
accuracy of program-specific HRs, 5-tier

Results

Table 1. A comparison of the C-statistic, expected events, and observed 1-year survival for scenarios with
and without unadjusted risks. s was the scaling factor on the standard deviation of recipient-level risk.

Methods (Cont'd)

A range of C-statistics was generated by
scaling the level of variability in recipient-level

Introduction

Accurate risk-adjustment models are critical

Figure 2. The relationship of the C-statistic with Spearman’s rho between the true HRs and the 5-tier
assignment. A flat line indicates the C-statistic does not provide information on the accuracy of 5-tier
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A simulation study illustrates that the C-
statistic of a single risk-adjustment model

differences in graft survival across levels of patient-level risk. s was the scaling factor on the standard
deviation of recipient-level risk. | | | I I | [ [ [ [ [ |

Three metrics measured the accuracy of the
estimated program-specific posttransplant

problems.
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Probability that a program identified for
MPSC regulatory review had a true HR
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